This paper estimates participation and wage equations using panel data from the United Kingdom to explore differences in urban and rural wages and participation by gender. The results suggest a small but economically significant participation premium for urban women relative to rural female workers. Results from the wage estimations suggest that after controlling for sample selectivity, observed and unobserved heterogeneity, the wage premium received by urban women is larger than that obtained by men. Consistent with the hypothesis that poorer matching in less dense labour markets affects rural workers, there is also evidence of higher rural wage depreciation for both men and women, while returns to experience for rural men are also lower than for urban workers.
I. INTRODUCTION
Recent evidence suggests that various types of agglomeration externalities are important in explaining the observed urban wage premium. Wheaton and Lewis [31] find evidence of increasing urban wages consistent with increasing firm level returns and greater specialization of labor in denser urban markets. Glaeser and Maré [10] find a robust urban wage premium and show that rural-urban migrants experience higher wage growth consistent with greater learning spillovers in urban areas.
Wheeler [32] provides empirical support for a model where larger labor market size increases job match quality, individual productivity and wages.
While the recent literature has explored how agglomeration influences the urban wage premium, there has been little consideration of whether these externalities impact differently on women and men. There are a number of reasons why such gender differences might exist. First, empirical evidence suggests that women are less spatially mobile than men, with job search conducted over a smaller area than men (Madden and Chiu [19] ). In denser urban labor markets, improved urban job matching may counterbalance this reduced mobility and hence, one might expect that any urban wage premium would be larger for women than men. Second, women typically work fewer hours and years over their working lives and have a higher rate of job turnover than men (Altonji and Blank [2] ). Such career interruptions are likely to reduce the effect of improved learning spillovers in urban markets and hence may reduce any urban wage growth effect. On the other hand, the more interrupted nature of female work histories may mean that women particularly benefit from improved urban job matching. As a result, the extent of wage depreciation suffered by women during periods out of employment may be less in denser urban markets.
By increasing the offered wage for any given individual, agglomeration effects on wages should also increase labor market participation. However, other density effects, especially on female participation, are also possible. In particular, population density allows greater provision of certain services, e.g. childcare provision, the availability of which are particularly likely to reduce the reservation wages of women.
Indeed, female participation rates in urban areas in developed countries have been consistently higher than those observed in rural areas (Stabler [26] ), while the lack of childcare facilities and access to transport are frequently cited as barriers to women accepting employment in rural areas (Porterfield [22] , Lichter et al. [17] ).
This paper explores gender differences in both urban wage and participation premiums using panel data from the United Kingdom. Specifically, using the British Household Panel Survey (BHPS), participation and wage equations are estimated for samples of urban and rural women and men and the extent of any urban premiums calculated. Differences in the structure of wages and participation are considered by testing for urban-rural differences in the impact of explanatory variables for women and men.
Higher urban wages and participation may also reflect living costs, differences in abilities, job characteristics or lower preferences for urban amenity (Roback [24] , Hwang et al [14] ) Therefore, when trying to identify agglomeration effects it is important to account for observed and unobserved differences in such factors. While many previous studies have been able to control for observed differences, their ability to control for unobserved differences in these factors has often been limited because the appropriate data was cross-sectional only (Wheeler [32] , Wheaton and Lewis [31] ). However, the availability of panel data does allow the estimation of models accounting for such unobserved differences or heterogeneity. For example Glaeser and Maré [10] used a fixed effects estimator to identify the male urban wage premium while controlling for unobserved heterogeneity.
This approach is less attractive if sample selection effects are important, as the fixed effects estimator is inconsistent if these effects do not vary with time (Verbeek and Nijman [30] ). Clearly, the interrupted nature of female labor market participation means sample selection effects should be taken into account when considering the female urban wage premium.
The fixed effect estimator also relies on urbanrural/rural-urban migrants for identification of the wage premium. This means that it is unsuitable if there are insufficient numbers of such migrants for credible estimation.
For similar reasons, in this approach it is particularly difficult to identify urban-rural differences in parameters for explanatory variables such as education where there is little variation over time at the individual level.
Therefore, to account for sample selection and unobserved heterogeneity, while allowing urban-rural differences in the impact of explanatory variables to be identified, the panel sample selection model suggested by Vella and Verbeek [29] and Nijman and Verbeek [21] is estimated. In this model the correlation between unobserved components in the wage and participation equations controls for traditional sample selection effects and unobserved heterogeneity across all individuals. The identification of any urban premiums in this model does not rely on migrants but uses all available wage information.
The main results are as follows. There is evidence of a small but economically significant urban participation premium for women of around 3%. In contrast, there appears to be no economically significant participation premium for men. There is also evidence of gender differences in the structure of the urban wage premium. In particular, urban women experience lower wage depreciation associated with time out of the labor force, but their returns to experience are no higher. In contrast, there is evidence of both lower wage depreciation and higher returns to experience for urban men. The source of the female urban participation premium is difficult to determine.
However, the urban wage premiums found are consistent with the hypothesis that those with lower spatial mobility are more disadvantaged in less dense labor markets, with for example, the wage premium substantially lower for single women than for those who are married or cohabiting.
The plan of the paper is as follows. Section II discusses in more detail the source and empirical implications of possible gender differences in agglomeration effects. Section III describes the data, the definitions used and provides some basic descriptive analysis. Section IV discusses the econometric specification, discussion of hypotheses and model estimation. Section V presents the results. Section VI concludes.
II. BACKGROUND
The various mechanisms through which agglomeration can increase wages (and participation) are likely to affect gender differences in a number of different ways.
Arguably, agglomeration externalities that occur primarily at the firm level, are unlikely to induce large gender differentials. For example if urban firms are more productive because of lower set-up or transport costs, or through increased informational spillovers (Krugman [16] , Glaeser [8] ) there should be no gender differential as long as women and men are equally likely to be found in firms where such effects are important.
In contrast, agglomeration effects which accrue to the individual are more likely to be associated with gender differences. For example, because of the greater number of contacts between individuals, informal learning is likely to be greater in urban areas and individual productivity and wages in urban areas may grow faster as a result (Glaeser [9] , Rauch [23] ). However, women have historically had lower labor market attachment, higher job turnover, and have received less training than men (Altonji and Blank [2] ). If learning spillovers increase the rate of human capital formation, the interrupted nature of the typical female work history and lower levels of training mean that urban women are likely to gain less from such spillovers than men and hence wage growth effects may be less evident for women.
On the other hand, women are likely to gain significantly from better job matching in denser markets. Various models predict higher wages and growth if the quality of job matching improves in urban markets. For example, Hesley and Strange [13] illustrate how agglomeration itself can be driven by increasing expected urban match quality, while Wheeler [32] shows how decreasing search costs lead to more productive matches, increased sorting and wages in urban labor markets. Evidence suggests that women are less spatially mobile than men, with job search conducted over a smaller area than men (Madden and Chiu [19] ). Hence, denser markets and better job matching may counterbalance this reduced mobility. Further, improved urban job matching should also reduce the wage depreciation associated with periods out of the labor force (Mincer and Ofek [20] ). The more interrupted nature of female work patterns should mean that this type of effect will be particularly important for women.
Although the evidence is mixed, a number of authors have argued that returns to education will be higher in denser markets. Possible gender effects in such education differentials are perhaps rather ambiguous. For example, Rauch [23] argues that higher returns to education in urban areas arise because the transmission of ideas is likely to improve with higher levels of human capital. Hence, these spillovers may be larger in urban areas where average education levels are higher. Such effects, which are external to the individuals, are unlikely to induce gender differences.
However, Frank [7] argues that overeducation effects are more likely in less dense markets and that such effects are more likely to affect the 'second' earner in the household, i.e. typically women. In this case, any increase in the return to education associated with denser markets might well be larger for women.
If market size increases wages it should also increase participation for identical individuals. Moreover, if the female urban wage premium is larger, any associated increased participation effect should also be higher for women. Finally, the effect of population density on service provision may also tend to exacerbate any gender difference in the urban participation premium. In particular, in areas of low population density, access to services such as transport, housing and childcare, may be more difficult. If they exist, such barriers to employment are likely to impact differentially on women, increasing their reservation wages and hence further reducing female participation in low density areas (Porterfield [22] , Lichter et al [17] ).
In summary, the previous discussion suggests a number of general hypotheses concerning the nature of possible gender differences in urban wage and participation premiums. First, if agglomeration effects are only felt at the firm level, the urban wage premium is likely to be similar for both sexes. In contrast, where job matching effects are important, the urban wage premium may be larger for women as denser markets counterbalance the effect of their smaller job search area. Further, the urban wage premium should, as a result, be larger for certain groups whose spatial mobility is likely to be particularly restricted, e.g. married women.
Learning spillover and job matching effects are both likely to be important in the male urban wage premium. However, the interrupted nature of their work histories means that job matching effects, e.g. through lower wage depreciation, are likely to be relatively more important than learning spillover effects for women. In contrast, it is more difficult to make predictions whether, if they exist, higher urban returns to education should vary by gender. Finally, any larger female urban wage premium should also imply a larger urban participation premium for women. This differential may also be exacerbated by higher service provision in denser urban areas.
III. DATA
The data was drawn from the first eight waves 1991-1998 of the British Household where population density in the district is less than one person per hectare, and then rural districts are classified as remote or accessible rural depending on their proximity to urban centers (Scottish Office [25] ).
While these definitions do not allow the examination of city size effects, it is argued that the contrast between urban and rural samples can still be exploited to identify agglomeration effects. To ensure those in the rural sample are resident in areas characterized by population scarcity and distance from urban centers (Cabinet Office [4] ), it is important to exclude those living in rural areas but within commuting for women and only 48 total moves for men in either direction. Table 1 reports key summary statistics for the urban and rural samples by gender. As expected, the Table shows higher urban participation rates and wages for both sexes. The urban-rural differences in participation rates are rather similar for women and men, i.e. 4 and 3 percent respectively. However, the female urban wage premium at 15 percent is significantly larger than the male urban-rural difference at 8 percent. Apart from a few exceptions, e.g. a lower proportion of married or cohabiting urban women, a higher proportion of urban men with a degree, most of the characteristics appear similar across the urban and rural samples.
IV. MODEL
Urban premiums in wages and participation may arise from differences in observed and unobserved individual characteristics or in differences in the impact of given explanatory variables on an individual's wages and participation probability. The following model captures both types of effect. First, consider the offered wage is extensive evidence to suggest that even after accounting for individual heterogeneity, individuals also exhibit a considerable degree of persistence in their labor market state (Heckman [11] , Hyslop [15] ). This suggests that the reduced form model should also allow for state dependence as follows 
Testing Urban-Rural Differences
The sources of possible gender differences in urban wage and participation premiums suggest a number of differences in the urban and rural coefficients in equations (1) and (2). First, as Glaeser and Maré [10] note, firm level agglomeration effects imply an urban wage level effect. Hence, any wage premium for both sexes should disappear once observed and unobserved heterogeneity is controlled for, i.e.
should not be rejected in equation (1) . Moreover, if an urban wage premium is observed it should not differ significantly by gender. In contrast, job matching effects should mean any overall urban wage premium is larger for women, and that this premium will be greater in samples where spatial mobility is thought to be lower.
Learning spillover effects should increase urban wage growth. Improved job matching effects may also increase wage growth but equally should decrease wage depreciation associated with time out of the labor force. Disentangling these effects is obviously difficult. First, the exact relationship between any learning spillover and job matching effects and the estimating equations is not clear-cut. Second, the small number of migrants in the dataset means it not possible to use this group to identify 2 The sample selection model controls for labor market participation but not the potential endogeneity of location. However, informal tests using sub-samples of 'less mobile' individuals, e.g. those with lower education levels, indicate that the results are robust to this limitation. the source of the urban premiums (Glaeser and Maré [10] ). However, the lack of urban-rural mobility does suggest that that any urban premium in wage growth and/or reduced wage depreciation should be reasonably reflected in the different estimates of returns to experience and wage losses associated with time out of the labor force. For example, if improved job matching effects are more important for women than learning spillovers, any urban wage growth effect captured through increased returns to experience should be less important than any reduced urban wage depreciation effect.
There are no clearcut predictions as to whether there will be any difference in any urban educational premium by gender. However, any such effects will be captured by differences in the coefficients reflecting returns to education in the wage equation (1).
Any urban impacts on returns to experience, wage depreciation and education will also affect the coefficients in the participation equation. However, as these variables may also affect the reservation wage, differences in these coefficients are more difficult to interpret directly. However, after accounting for other factors, the impact of a higher female urban wage premium should mean a greater urban female participation effect.
The other hypothesized participation effects that can be captured by equation (3) are also likely to reinforce any higher urban female participation effect. In particular, for women, the presence of (young) children is likely to increase reservation wages, and therefore decrease the probability of labor market activity, by increasing the opportunity costs of working. If population density effects on childcare service provision are important, this reduction in reservation wages may be lower for urban women. Hence, the urban coefficients capturing the overall impact of children on participation on women should be less negative than the rural ones.
Econometric Implementation
Estimation of the wage and participation equations poses a number of econometric problems. As specified, the estimation model would need to assume that the random effect i θ is independent of it z . This assumption is not tenable for a number of the explanatory variables. This poses a problem as, if this assumption is violated, the estimated coefficients will not correctly identify the marginal impacts of the time varying independent variables. The standard approach to control for this is to model the random effect i θ as a function of all the independent variables in all time periods (Chamberlain [5] ) or, slightly more restrictively, as a simple function of the individual level means of the independent variables (Arulampalam et al [3] ). This latter approach is followed here. Hence,
µ is assumed independent of k it z and the correlations between the original random effect and the regressors may vary by location. 3 After substitution of (4) in (2), the estimation of the resulting participation and wage equations is undertaken using the two-step procedure suggested by Nijman and
Verbeek [21] ), and Vella and Verbeek [29] ). In the first step, estimates of the parameters in the participation equation (2) are obtained from a dynamic random effects probit. One additional problem is that the presence of unobserved heterogeneity i µ in conjunction with lagged participation
induces an initial conditions problem, where the initial observation 0 it y will be correlated with the unobserved random effect and hence maximum likelihood will produce inconsistent estimates. This is addressed using the suggestion of Heckman [12] , where a reduced form equation is specified for the initial period, where the error term from this equation is assumed correlated to the unobserved random effects. The second step of the estimation procedure is an extension of the standard Heckman approach dealing with sample selection.
Consider the conditional expectation of equation (1), conditional on the i y , the vector of all participation states observed for individual i,
As the errors are assumed to be drawn from a multivariate normal distribution, the [30] show that (7) [ ]
is the number of periods an individual is observed
if i observed in period s, 0 otherwise), and αµ σ η σ e are the covariances between the random effects and error terms respectively. It can be shown that the bracketed terms on the right hand side of (7) and (8) Here such factors are controlled for by the unobserved heterogeneity. Even without these restrictions, the wage regression coefficients can be identified by the exclusion of the lagged participation variable. 4
V. RESULTS

Participation
The results of the estimation of the participation equation for women and men are reported in Tables 2 and 3 respectively. For comparative purposes each Table also reports (in Columns 1 and 2) the results from a simple static Random effects probit with no adjustment for potential correlations between the regressors and the random effect. The urban and rural estimates from the full dynamic model (equations (2)- (4)) are reported in columns 3 and 4 respectively. Hence, comparing across the two specifications shows the impact on the participation estimates of allowing for dynamics and correlations between regressors and the random effects. For brevity in all cases, the estimated coefficients on the regional and wave dummies are not reported. In the dynamic participation equation, the initial conditions equation estimates and the adjustment for correlated errors given by equation (4) are also omitted. Unless otherwise indicated, the standard error is given in brackets below each estimated coefficient.
The second section of Tables 2 and 3 Finally, the urban participation premium is reported at bottom of each Table. This is derived for each of the estimations as follows. First, the urban and rural coefficient estimates are applied to the urban sample separately to generate two sets of individual participation probability predictions. The urban participation premium is the difference between the average of the predictions obtained using the urban coefficients and the average obtained using the rural coefficients. Formally, the average predicted probability from random effects estimation represents the (conditional) probability that a randomly chosen individual will be observed participating (Arulampalam, et al [3] ). This premium can therefore be interpreted as the increase in the probability that a randomly chosen individual will participate if located in an urban area rather than a rural one. As predicted, the implied urban participation premium for women is positive (0.028-0.031) and larger than for men.
Indeed, for men the 'premium' is either negative (-0.0007) or extremely small (0.008).
Turning to the coefficients for women presented in Table 2 . wages from better childcare provision). However, in neither the static or dynamic specification are these differences statistically significant, while the urban-rural differences in the coefficients on older children do not conform to this hypothesis.
The Table 3 positive. In this case the urban coefficient is less than the rural one but this difference is not statistically significant.
Although difficult to interpret in terms of urban density effects because they are net effects, the overall rejection of equality of the urban and rural coefficients does appear to arise from differing impacts of the experience and out of the labor force variables. In the static specification, the equality of urban-rural coefficients of both the experience variables and the out of the labor force variables is rejected (p-values 0.08 and 0.001 respectively). In the dynamic specification, although there are no individually significant differences, the test that both coefficients on the out of the labor force variables are equal across the samples is still rejected at 10 percent (pvalue 0.08). In contrast to women, there is little evidence of urban education effects.
Although the coefficient on one of the education dummies is significantly different in the dynamic case, the joint test that all education coefficients are identical cannot be rejected in either specification. There are two additional coefficients in the Sample Selection model associated with the two selection terms generated using the dynamic random effects probit results in Tables 2 and 3 . These coefficients provide estimates of the covariance between the random effects, αµ σ and the covariance between the random shocks η σ e . 5 The results indicate that sample selection is important for men and women.
For both samples the estimate of αµ σ is positive, although it is only significant for women, while the estimates of η σ e are negative and significant at 5% for both sexes. 6 In the bottom panel of the Tables, a number of estimation evaluation measures are reported. The tests that all coefficients are zero are strongly rejected in all specifications for both women and men. The test of equality between all the urban 5 The first selection term also accounts for unobserved heterogeneity in the wage equation. 6 As the covariance between the two time-varying components of the participation and wage equation must be zero for the fixed effects estimator to be consistent, the significance of the second time varying selection term provides some evidence, conditional on the sample selection model's identifying assumptions, to suggest that the fixed effects estimator may not be appropriate in this case. and rural coefficients (
) is also clearly rejected in the OLS and Sample Selection models in both Table 4 and 5. However, the results for the Fixed Effects estimator are more ambiguous with little evidence to support the rejection of this hypothesis for men (p-value 0.111), while the test is rejected only at the 10 percent level only for women.
Finally, the implied urban wage premium is given for all specifications.
These are calculated by applying the urban and rural coefficient estimates separately to the urban sample to generate two sets of individual predicted offer wages. The urban wage premium reported is the difference between the average of the offer wage predictions obtained using the urban estimates and the average obtained using the rural estimates.
As with previous evidence by Glaeser and Maré [10] , a positive urban wage premium remains for both women and men after controlling for both observed and unobserved heterogeneity. Although firm level agglomeration effects imply an urban premium in wage levels, the unobserved heterogeneity, which allows each individual's intercept to differ, should purge the observed premium of such effects.
Hence, as an urban premium remains in both the Fixed Effects and Sample Selection models, this suggests that the premium is not simply a firm level effect. Further, in all specifications the female urban wage premium is significantly larger than that for men, consistent with the hypothesis that improved job matching in denser urban areas is important in explaining higher urban wages.
Turning to the coefficient estimates in Table 4 and 5. The OLS and Sample Selection models provide similar results that are consistent with prior expectations.
For both men and women, the results for these models indicate that wages increase with experience and education level but decline with time out of the labor force.
Consistent with previous evidence (Light and Ureta [18] ), they also suggest that returns to experience and that wage depreciation are lower for women. Returns to education below degree level also appear lower for women. In contrast, the estimated coefficients in for the Fixed Effects model are often poorly determined, particularly for variables such as education level where there is little time variation within individuals. For example, the coefficients on the education variables do not follow the expected pattern for either men or women, while only four of the sixteen education coefficients estimated are significant. In addition, although the estimated coefficients have the expected signs neither time out of the labor force or its square are found to have a significant effect on wages for women in this model.
In the OLS and Sample Selection results, the source of urban-rural differences in wages are well determined and -apart from results for the education variablesconsistent with prior hypotheses on potential gender differences. For women, the estimates in Table 4 are similar across OLS and Sample Selection models. They both indicate significant reduced wage depreciation in the urban sample consistent with improved job matching with the urban coefficients on time out of the labor force and time out of the labor force squared around half the rural estimates. Further, the joint test of urban-rural equality of the two out of the labor force coefficients is rejected in both specifications (p-values <0.001). On the other hand there is no evidence of higher urban returns to experience or to education. Indeed, with respect to returns to education, there is some evidence that the returns to lower range qualifications are in fact higher in the rural sample. In contrast, the results for the Fixed Effects model suggests that the lack of migrants in the data mean it is difficult to identify the source of any urban wage premium using this approach. For example, only one of the differences between an individual urban and rural estimate is statistically significant, i.e. the effect of A-Levels, and in this case neither individual estimate is significant.
The OLS and Sample Selection results for men in Table 5 indicate that urban wage depreciation associated with time out of the labor force is lower consistent with improved urban job matching. However, urban returns to experience for men are also significantly higher consistent with the existence of improved informal spillover effects. Joint tests of the experience variables and the out of the labor force variables strongly reject the hypotheses that these coefficients are identical across urban and rural samples in either the OLS or Sample Selection specification (p-values 0.024 and 0.013 respectively). As for women, there is no evidence of higher urban returns to education.
The results for the Fixed Effects model also indicate higher urban returns to experience for men (despite the fact that the hypothesis that all urban and rural coefficients are equal cannot be rejected). However in this case, no significant urban-rural differences are found in the effect of time out of the labor force.
Model Evaluation
The ability of the Sample Selection model to identify the urban wage premium and control for unobserved heterogeneity depends on a number of assumptions, e.g. joint normality of errors, independence between the error components and regressors in the wage equation, non-zero correlations between unobserved heterogeneity in participation and wage equations etc. As model misspecification induced by violations of these assumptions is likely to be reflected in the wage residuals, we use these as the basis of an informal test of overall model validity.
The three estimation approaches used, i.e. OLS, Fixed Effects, and Sample Selection, also provide specific predictions about the behavior of the wage residuals.
In particular, because OLS does not take account of unobserved heterogeneity, the Table 6 for each wage regression. Zero correlation in the residuals would mean that each of these covariances should not be statistically significant.
Overall the results from 
Spatial Mobility and Urban Participation-Wage Premiums
The results reported in Table 3 -5 provide evidence that urban participation and wage premiums are larger for women and that the structure of urban-rural differences in returns to experience and time out of the labor force differ by gender. If the source of these differences is improved urban job matching effects, we would expect that the urban premium will be greater for groups where spatial mobility is thought particularly restricted.
To explore this Table 7 reports the urban participation and wage premiums for The participation results provide little support for the hypothesis that the observed urban premium arises from differences in spatial mobility. For women, the hypothesis that there are no urban-rural differences in the coefficients used to generate the results in Table 3 cannot be rejected for either sub-sample, while the calculated premiums are larger for those thought to be less spatially constrained, i.e. unmarried women. For men, the urban participation premiums are larger for the samples of married men but remain small.
In contrast, the urban wage premium results do provide further evidence that the urban-rural gender differences observed in Tables 4 and 5 are driven by differences in spatial mobility. First, the urban-rural differences in estimated coefficients underlying the calculated premiums appear robust, with the hypothesis that the urban and rural coefficients are identical rejected (at 5 % significance) in all cases. Second, the urban wage premium varies as predicted. So although the urban wage premium does not disappear for single women, it is substantially lower than for the married/cohabiting sample. For example, when the characteristics of rural single women are used the premium falls to 0.011 but rises to 0.082 for the sample of rural married women. Similarly, the wage premium is larger for married than single men.
VI. SUMMARY AND CONCLUSIONS
This paper has considered the extent of gender differences in both the urban wage and From the results, there is evidence of a small but economically significant urban participation premium for women. In contrast, there appears to be no economically significant participation premium for men. However, for both women and men there is evidence that participation structure differs in urban areas, although specific urban density effects are difficult to identify.
In contrast, the wage regressions do suggest that urban density effects induce gender differences in wages. Even after controlling for observed and unobserved heterogeneity, the urban premium is larger for women. Further, consistent with hypothesis that higher urban market density counteracts the effects of lower spatial mobility, the urban wage premium for women was substantially larger for those who were married or cohabiting relative to those who were single.
Finally, while there is no evidence of higher urban returns to experience, wage depreciation for women is appreciably lower in the urban sample. In contrast, both higher returns to experience and lower wage depreciation help explain the male urban wage premium. While not conclusive, these results do suggest that improved urban job matching effects are relatively more important in the female urban wage premium than learning spillover effects.
The results indicate a number of possible questions for further research. The urban-rural categorization used here is necessarily rather broad. Are there different effects if a finer scale is available, e.g. are there city size effects? Also, the tests of the impact of higher service provision on participation applied are rather indirect. Can measures be found which would allow such effects to be tested more fully, e.g. effects of differences in public transport provision? * Wages are usual monthly labor earnings divided by usual hours worked with an adjustment factor of 1.5 for overtime hours. Total Experience is years in full or part-time employment constructed from the work history files. Out of the labor force is years unemployed or out of the labor force constructed from the work history files. O-levels (and equivalent) are nationally examinations taken in up to 10 subjects by students normally at the end of compulsory schooling at 16. A-levels are national examinations typically taken in up to 3 subjects by students aged 18. Results from both types of examinations are graded and are used as the basis for acceptance at College or University. Standard Errors (in brackets) are robust to autocorrelation and heteroskedasticity. In the sample selection model they are adjusted for the two-step estimation process. Starred coefficients represent significant urban-rural differences in individual coefficients (** 5%,*10%). All regressions include a common set of regional and wave dummies. Standard Errors (in brackets) are robust to autocorrelation and heteroskedasticity. In the sample selection model they are adjusted for the two-step estimation process. Starred coefficients represent significant urban-rural differences in individual coefficients (** 5%,*10%). All regressions include a common set of regional and wave dummies. Tables 2 and 3 . Other participation results based on identically structured RE Probit estimations for these sub-samples. The participation premium is calculated as the difference in the average participation prediction using the urban and rural coefficients for urban or rural characteristics. The wage premium estimates for women and men based on Sample Selection model results from Tables 4  and 5 , with other estimates obtained from identically structured wage estimations. The wage premium is calculated as the difference in the average offer wage prediction using the urban and rural coefficients for urban or rural characteristics. Starred values indicate that the joint hypothesis that all urban and rural coefficients are identical is rejected in the model used to generate the predictions (** 5%,*10%).
